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Family size ≤ 4.5
Samples = 1293

Value = [235053.15, 392355.135]
Class = Treatment

Dailyspending_preperiod ≤ 425.487
Samples = 1140

Value = [191899.989, 361531.551]
Class = Treatment

Income_bracket ≤ 6.5
Samples = 153

Value = [46183.191, 30503.584]
Class = No treatment

Samples = 551
Value = [166454.696, 266783.742]

Class = Treatment

Samples = 259
Value = [23415.292, 95067.809]

Class = Treatment

Samples = 105
Value = [13974.974, 23156.109]

Class = Treatment

Samples = 45
Value = [32205.217, 7345.475]

Class = No treatment

Figure 5.10
Policy tree in Python

an income bracket of seven or more are recommended not to receive the intervention; see
the box located at the lower right of the policy tree. In contrast, the R-based policy tree
in the previous section constructed customer segments based on family size and previous
spending. These disparities arise from the nonequivalence of the Python and R methods,
potentially resulting in different customer segmentations, especially in cases where multiple
segmentations could yield similar results in terms of effectiveness.
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